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My introduction to Al
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http://www.youtube.com/watch?v=b6Zu5fLUa3c

Thanks, Beth. There is so much that needs changing.

Missio is making a difference. Take a look at this video

Missio helps mothers feed their children so they can live a
healthy life.

Sends girls and boys to school because too many are
denied their potential. &

And brings comfort to those fleeing persecution and avil

war. (4

Beth, I'd like to tell you about someone whose world we
‘} are helping change?

1. What is Al? 2.NFPs and Al 3. How to get started
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What is Al?



Defining Al today

Al stands for Artificial Intelligence

My definition:

a broad set of mathematical techniques
employed at scale that simulate or surpass
aspects of human intelligence (mainly pattern
matching)
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Why is Al so popular now?

Figure 1. Hype Cycle for Artificial Intelligence, 2018
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How it works

Loss
1.0+ — train
—_— test
0.8 +
0.6 -
0.4 N ‘ P AL BN DN O
0 25 50 75 Acdffdcy 125 150 175 200
0.8 + :
—— train
— test
0.6 +
, 0.4 -
| have not failed.
I've just found 10,000 ways that 6%
won't work. ' : ; ; . . : ; . .
0 25 50 75 100 125 150 175 200

Leafcutter H7



Probability vs determinism
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MACHINE LEARN'NG IN EMUJI SUPERVISED UNSUPERVISED REINFORCEMENT
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Deep learning
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What today’s Al can do

e Canrecognise voice and text
e Canclassify images (even in video)
e Canrecommend movies, choices etc

e Cansimulate various scenarios and outcomes
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The pinnacle of Al achievement
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What Al can’t do (today)
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http://www.youtube.com/watch?v=g0TaYhjpOfo

Today’s Al is really great at solving
narrow problems at scale

Less More
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http://www.youtube.com/watch?v=4HCE1P-m1l8

Solving nonprofit challenges




Putting challenges in 2 baskets

Common challenges Unique challenges
e Automating customer e Creating aunique
service supporter experience
e Image & video e Research
recognition e Improving service
e Transcribing delivery
audio/video
e Fundraising campaigns
e Improving operations
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Automating customer service
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http://www.youtube.com/watch?v=ypXnJSnpJdU
http://www.youtube.com/watch?v=5r4AAIfe4Rw

Image & video recognition
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http://www.youtube.com/watch?v=-2C6-cSB674

Transcribing audio and video

Zoom Why Companies are Switching from WebEx to Zoom m

happy
i think that you know the way we look at this i3 we got 10 make sure
our employees very happy

If empioyees very happy we are going 10 work very hard 10 deliver

happiness to our customers

Automate for Efficiency with

in terms of product innovation and customer support

Amazon Transcribe and Amazon
Translate

and also business model interaction between our sales and
customers and so on 5o forth

that's really important
Niranjan Hira — AWS Solutions Architect
the company culture is number one thing right

SO nuMDber 1wo IS make sure be paranoid

| gon't assume you have best product | take webex for example

Leafcutter H19


http://www.youtube.com/watch?v=0ibJUauXoqE

Fundraising campaigns

Thanks, Beth. There is so much that needs changing.

Missio is making a difference. Take a look at this video

Missio helps mothers feed their children so they can live a
healthy life,

Sends girls and boys to school because too many are
denied their potential E

And brings comfort to those fleeing persecution and avil

war u

Beth, I'd like to tell you about someone whose world we
6\ are helping change?
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Improving operations
(CRM, Finance, etc)
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< for Nonprofits )y -
) \”
. (C

June 13, 2018
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http://www.youtube.com/watch?v=oLGs2Bm4Rak

Creating a unique supporter
experience

Leafcutter H 22


http://www.youtube.com/watch?v=-SVOq4IurI4
http://www.youtube.com/watch?v=umOPdnhMpdw

Research

Early Recurrence Distant Recurrence

Leafcutter #23


http://www.youtube.com/watch?v=4kw6uIkKc6I

Improving service delivery
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How to get started




You still need...

Good people Good data
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_ist your organisation challenges and priorities

dentify areas for automation (low hanging fruit)

dentify areas where you have data but don't have
insight (unique challenges)

4. |dentify areas where you could offer an interactive
experience (unique challenges)

5. Rank them according to problem scope,
understanding of the problem, data volume & quality,
and human resources available

W
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Define the problem and hypothesis

Gather and clean the data

Train POC model from test data

Compare POC model to existing solutions
Refine and implement MVP

Continually monitor and retrain as required in
production

oAb E

NOTE: Al projects have probabilistic outcomes

Leafcuifer
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Technology tools

Google Cloud Platform

AAzur

NINg
:I amazon

web services

A X

B\ Watson

BIG DATA & Al LANDSCAPE 2018
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Wrapping up



1. Alisnot asilver bullet - its good for solving narrow
problems at scale

Al is happening - just not overnight

You need good process, good people and good data
People still need to work with the Al. You need to be
able to tell the Al the problem to solve and ‘supervise’
its learning.

W
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